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Combination of Classifiers
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Divide-and-conquer

Divide the problem into a number of subproblems that are
smaller instances of the same problem.

Conquer the subproblems by solving them recursively. If they
are small enough, solve the subproblems as base cases.

Combine the solutions to the subproblems into the solution
for the original problem.
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Decision boundarnies generated by different classifiers
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